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. Free of visualization limits

Physician’s knowhow and expertise are ‘a Must’
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GUIDING PRINCIPLES
Use: I oc — logp

Find the segmentation 1 by minimizing
the following cost functional:

b = / (Y Image likelihood term

—|—5 Regularization
—|—’7 User input term daj‘
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CHAN-VESE AND
BYHOND
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REGULARIZATION

Eren(¢) = /Q VH(¢)|dx

length term
L C
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UNIFIED ENERGY
FUNCTIONAL

E(¢)=FErpn + Erp

N

E(¢) = Erpn + Err + Eyu;




A NOTE ABOUT 3D

axial coronal sagittal
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ONE MORE SHORT
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 Machine queries

THANK YOU!




QUESTIONS?

“Your x-ray showed a broken rib,
but we fixed it with Photoshop.”




