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Detecting Generated Content

Real Generated



What is CLIP?

Learning Transferable Visual Models From Natural Language Supervision, Radford et al. 2021



CLIP Latent space

Mind the Gap: Understanding the Modality Gap in Multi-modal Contrastive Representation Learning, Liang et al. 2022
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The Double-Ellipsoid Geometry of CLIP, ICML 2025
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Whitening

Whitening CLIP (W-CLIP)

Whitened CLIP as a Likelihood Surrogate of Images and Captions, ICML 2025
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Norm as Likelihood
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Whitened CLIP as a Likelihood Surrogate of Images and Captions, ICML 2025
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Conditional Likelihood

General and Domain-Specific Zero-shot Detection of Generated Images via 

Conditional Likelihood, WACV 2026
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𝑋 - samples from sub-space:
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Detecting Generated Content

General and Domain-Specific Zero-shot Detection of Generated Images via 

Conditional Likelihood, WACV 2026
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Main challenges:
❑ Generated content is increasingly photorealistic.

❑ New generative models emerge rapidly.

Goal:
Detect generated content by modeling 

the distribution of real images.



CLIDE – Generated Image Detector

General and Domain-Specific Zero-shot Detection of Generated Images via 

Conditional Likelihood, WACV 2026
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Using only real images for whitening:



Damaged Cars

General and Domain-Specific Zero-shot Detection of Generated Images via 

Conditional Likelihood, WACV 2026
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Damaged Cars

General and Domain-Specific Zero-shot Detection of Generated Images via 

Conditional Likelihood, WACV 2026
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Invoice Documents

General and Domain-Specific Zero-shot Detection of Generated Images via 

Conditional Likelihood, WACV 2026
Scan for 
paper details

Change 

price

Change 

date

Original 

Image



Generated Video Detection

Training-free Detection of Generated Videos via Spatial-Temporal Likelihoods, 

CVPR 2026
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Summary and takeaways

❑ CLIP has double ellipsoid structure.

❑ Vision encoders learn approximately Gaussian representations.

❑ Understanding latent geometry enables downstream applications.

❑ Foundation models naturally separate real and generated content.

❑ Generated content detection can rely only real samples.



Thank you!

Questions?
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